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The Co-registration of Optically Sensed Images and Correlation (COSI-Corr) software, which was first released on January 2007, is continuously evolving. This poster shows our latest contributions and on- As COSI-Corr is increasing in complexity, we now must adopt the rigorous development procedures in effect in the software industry. Low level languages, multi-threaded processing and adequate source
going studies to make COSI-Corr a fully automated, robust, fast, and extremely accurate tool, for the study of time series from a variety of optical sensors. Our latest developments concern not only new control and bug tracking are now integrated in our development cycle. In addition, our ambition is taking us toward large scale processing and analysis, and cluster and cloud computing solutions are
technical algorithms such as improved adaptive resampling, automatic and robust tie-points matching, compensation of aliasing effects in sub-pixel phase correlation, and sensor-agnostic topography being explored. As COSI-Corr is growing, the expertise of many more people is required. For several studies, you will notice the participation of additional collaborators. Orchestrating the many new
extraction, they also concern new software development methods. projects is a challenging and exciting task.
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pixel p4, assuming some topography model.
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