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1. INTRODUCTION | 3. TRADE OFF BETWEEN NETWORK DENSITY AND NOISE

Inversions of earthquake source slip from the recorded ground motions
typically impose a number of restrictions on the source parameterization,
which are needed to stabilize the inverse problem with sparse data. Such
restrictions may include smoothing, causality considerations, predetermined

We considered several kinematic ruptures ranging from simple unilateral pulses to complex ruptures to see if a denser network with noise can invert for the rupture process better than a coarse
network that 1s noiseless. A dynamic rupture scenario 1s also considered to address this question.
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. . . . (D) X-T graph of slip rate of sub-Rayleigh pulse that jumps (F) Slip rate of a dynamic rupture (subshear) inversion
The goal is to minimize Lagrangian (B) Slip rate of double pulse inversion and its profiles ahead of itself having an overall effective supershear speed
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Using gradient information in combination with conjugate-gradient algorithm for
asymmetric linear equations and least squares problem (CGLS), we invert for the

source (slip rate at a function of space and time) . _ . considered.
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